Coordinate measuring machines (CMM) are main instruments of measurement in laboratories and in industrial quality control. A compensation error model has been formulated (Part I). It integrates error and uncertainty in the feature measurement model. Experimental implementation for the verification of this model is carried out based on the direct testing on a moving bridge CMM. The regression results by axis are quantified and compared to CMM indication with respect to the assigned values of the measurand. Next, testing of selected measurements of length, flatness, dihedral angle, and roundness features are accomplished. The measurement of calibrated gauge blocks for length or angle, flatness verification of the CMM granite table and roundness of a precision glass hemisphere are presented under a setup of repeatability conditions. The results are analysed and compared with alternative methods of estimation. The overall performance of the model is endorsed through experimental verification, as well as the practical use and the model capability to contribute in the improvement of current standard CMM measuring capabilities.
Introduction
The needs of quality control demand tight standards of product inspection and the development a reliable approach for the measurement of manufacturing parts supported by the industrial metrology. Coordinate Measuring Machines (CMM) are versatile instruments used for precision inspection in industrial verification rooms or in research laboratories. Capable of measuring complex parts, a coordinate-measuring machine is a measuring system involving several steps. Firstly, the data extraction of the spatial coordinates of points belonging to the surfaces of an artefact through a probe, a complex sensor itself. Next, processing of the gathered data. Finally, the generation of geometry substitution from fitting algorithms and its use for measurement result. A new model of CMM error compensation by axis and the associated uncertainty estimation have been developed in [1] .
An overall CMM error bounding is currently a standard approach for machine verification to complement the best value of measurement. It is a black box treatment of machine bounds of acceptance or verification by ISO 10360-2 standard. CMM's acceptance or verification tests are useful for performance verification and contractual agreement on CMM performance, but they are outside the ordinary metrology chain of measurement traceability. Nevertheless, international standards do not renounce to uncertainty estimation in CMM measurements, but they consider firstly the A Moving Bridge CMM TESA Micro-Hite 3D is used to evaluate experimentally its errors. Its field of measurement is XxYxZ of 450 mm × 500 mm × 460 mm and it has a resolution of 1 µm. According to ISO 10360-2, calibrated artefacts for bidirectional length measurements are used, in particular a set of calibrated gauge blocks of grade 0 up to 100 mm nominal and grade 2 from 125 mm nominal onwards. The uncertainty of those gages is below the resolution of the CMM, so that the deviations from the calibrated length will be assigned to measurement error. Measuring is developed under controlled and stable temperature at 20 ± 1 • C and the tests have been carried out by the same skilled member of our team. The CMM is set up according to the manufacturer's instructions, with the standard approach of performing the measurement after compensating for any known bias.
The test includes five different gauge blocks from 50 mm to 300 mm nominal that cover at least 66% of the CMM field of measurement of every axis. Gauges are positioned at the middle of the volume of the CMM (Figure 1) . A set of five points on each block side in a bidirectional measurement is followed for all three axes X, Y and Z, with five repetitions. A total of 50 measurements per gauge block grouped into five series of bilateral measurements is taken. This grouping follows the gauge block calibration certificate, where the assigned value of the block is obtained from five measured points on a face, with reference to the opposite face. In the case of Z axis, standing on the granite table, the second reference face in the bilateral measurement technique is the granite table itself. Ordinary ISO verification test only requires three repetitions for repeatability verification. The study intends to take advantage of the standard verification techniques with a different purpose of evaluating the mean error and its variability on the three main axis positions included in the model proposed in Part I.
The measurements are obtained through a Renishaw probe of the minimum length compatible with the step block measurement and choosing the probe of maximum tip diameter following the good practices and CMM manufacturer recommendations.
The aggregated results of the verification of calibrated blocks aligned with each axis are shown in Figure 2 . The overall linear regression model yields an average error E of 2.95 µm. Even when the verification only includes the three main axes the overall error result E MPE,L of 6.7 µm (prediction bounds at 95% confidence) is in close agreement with the verification of the machine at the time of acquisition (±6.7 µm over 300 mm) and a previous recent machine verification [6] , both following direct application of the standard verification test ISO 10360-2. This ISO test evaluates an overall model of maximum permissible error in the rated operating conditions of the machine and without distinction of error by each axis.
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Note that the gauge blocks are grade 0 until 150 mm and grade 2 over 150 mm. Nevertheless, the length variability associated to the gauge grade difference is below the resolution of the CMM, so no evidence of blocks' quality influence is appreciated in the experimental results.
In Figure 3 , only the results for the X axis are represented. The error sum of squares SSE is lower than for the bulk model. The prediction bounds for the error are ±2.32 µm with a probability of 95%. The R-square coefficient indicates that up to 70% of the variability is explained by the regression line. It means that a new measurement by the X axis will be inside that interval around the model value at 95% level of confidence. A maximum spread or repeatability of 4.5 µm for the 300 mm block is obtained. The verification, under proposed model, only checks the three axes independently. For this reason the variability or spread of the measurements has not the clear heteroscedastic appearance that in the bulk test exhibits: the residuals do not show a functional trend to grow with length, see . The regression by axis reflects that the mean error is approximately linear function with the length of measurement. This underlying growing spread with the length is alike because in a CMM a main source of error is the angular error of the machine [8] . These errors are captured by considering independently each axis error.
In Figure 3 , only the results for the X axis are represented. The error sum of squares SSE is lower than for the bulk model. The prediction bounds for the error are ±2.32 μm with a probability of 95%. The R-square coefficient indicates that up to 70% of the variability is explained by the regression line. It means that a new measurement by the X axis will be inside that interval around the model value at 95% level of confidence. A maximum spread or repeatability of 4.5 μm for the 300 mm block is obtained. With the same meaning of Figure 3 , in Figure 4 the results corresponding to the Y axis are represented. In this case, the linear model explains about 75% of the variability and the prediction bounds are ±2.93 μm. The maximum repeatability in the Y axis is 3.95 μm.
The results of the verification by the Z axis are represented in Figure 5 . The model shows a fairly constant relationship of the average error over the Z range, compared with the X and Y axes. As a consequence, R-square is low and shows only about a 50% variability explanation by the regression line. The SSE shows a similar goodness of the model and the prediction bounds are ±1.53 μm. A maximum repeatability of 2.23 μm is obtained.
In addition, we must note that the values of adjusted R-square are close to those of R-square in the regression by axis, so the sampled points has an effective contribution to R-square. Conversely, With the same meaning of Figure 3 , in Figure 4 the results corresponding to the Y axis are represented. In this case, the linear model explains about 75% of the variability and the prediction bounds are ±2.93 µm. The maximum repeatability in the Y axis is 3.95 µm.
The results of the verification by the Z axis are represented in Figure 5 . The model shows a fairly constant relationship of the average error over the Z range, compared with the X and Y axes. As a consequence, R-square is low and shows only about a 50% variability explanation by the regression line. The SSE shows a similar goodness of the model and the prediction bounds are ±1.53 µm. A maximum repeatability of 2.23 µm is obtained.
In addition, we must note that the values of adjusted R-square are close to those of R-square in the regression by axis, so the sampled points has an effective contribution to R-square. Conversely, In addition, we must note that the values of adjusted R-square are close to those of R-square in the regression by axis, so the sampled points has an effective contribution to R-square. Conversely, in the bulk model the adjusted R-square is even negative, so the aggregation of all points into a bulk regression model does not contribute to the proposed regression model. There are two methodological points about the former model. First, the bilateral measuring following the recommendations of ISO 10360 on the faces of a gauge block is properly compensated against slight misalignment of the block with the measurement axis and the five points on each face determine a least-squares plane of reference to the points of the opposite face, following recommendation of ISO 10360-2 Appendix C. This criterion of least-squares averaging the block face plane is in accordance with the reference ISO standard and its behavior has been experimentally tested versus the minimum zone tolerance alternative [9] , with consistent good results. A second point of interest is the meaning of the overall prediction of error bounds for a new single observation or measurement. It will include the variability estimation by the mean square error for n − 2 degrees of freedom, but also the error caused by the variance of the slope of the regression line, amplified by the distance of the value to the centroid of the dataset and the variation of the centroid properly [10] . The formulation of the prediction bounds P for the regression model (E = A + Bx), with a dataset of size n, it is given by Equation (1), with t being the critical value at 95% confidence of the t-student with n − 2 degrees of freedom.
(1)
CMM Repeatability Estimation
The repeatability results expressed as the standard deviation of the results must be incorporated into the uncertainty budget [11] . Nevertheless, the ISO 10360-2 defines R 0 as the range (maximum minus minimum value). In the case of a set of measures of non-calibrated artefacts, the mean value is not an estimation of the true value due to the presence of error. When measuring calibrated artifacts the difference between the mean value of the measurements and the assigned value to the calibrated gage can be considered a bias correction. Consequently, the standard deviation of the measurements under repeatable condition is a contribution to the uncertainty. Repeatability conditions include the same experimental hardware (CMM and gauges), the same operator, used under the same measurement operational procedure, in the same location and with repetitions over a short period of time. There are two methodological points about the former model. First, the bilateral measuring following the recommendations of ISO 10360 on the faces of a gauge block is properly compensated against slight misalignment of the block with the measurement axis and the five points on each face determine a least-squares plane of reference to the points of the opposite face, following recommendation of ISO 10360-2 Appendix C. This criterion of least-squares averaging the block face plane is in accordance with the reference ISO standard and its behavior has been experimentally tested versus the minimum zone tolerance alternative [9] , with consistent good results. A second point of interest is the meaning of the overall prediction of error bounds for a new single observation or measurement. It will include the variability estimation by the mean square error for n  2 degrees of freedom, but also the error caused by the variance of the slope of the regression line, amplified by the distance of the value to the centroid of the dataset and the variation of the centroid properly [10] . The formulation of the prediction bounds P for the regression model (E = A + Bx), with a dataset of size n, it is given by Equation (1), with t being the critical value at 95% confidence of the t-student with n  2 degrees of freedom. 
The repeatability results expressed as the standard deviation of the results must be incorporated into the uncertainty budget [11] . Nevertheless, the ISO 10360-2 defines R0 as the range (maximum minus minimum value). In the case of a set of measures of non-calibrated artefacts, the mean value is not an estimation of the true value due to the presence of error. When measuring calibrated artifacts the difference between the mean value of the measurements and the assigned value to the calibrated gage can be considered a bias correction. Consequently, the standard deviation of the measurements under repeatable condition is a contribution to the uncertainty. Repeatability conditions include the same experimental hardware (CMM and gauges), the same operator, used under the same measurement operational procedure, in the same location and with repetitions over a short period of time. Under the rated operating conditions of the CMM, three repetitions are specified in ISO 10360-2, just for verification purposes. Based on a such a reduced number of samples, three, a direct estimation of the standard deviation of the mean could include a big deviation [12, 13] . In our test up to 50 measurements to determine 5 error values are used for each length of test, that is presumed more representative of the CMM behavior. In the verification test of Figures 3-5 , the maximum repeatability has been 4.5 µm and the grand average by axes and the different lengths is 2.7 µm, Figure 6 .
CMM Probe Error Estimation
While the estimation of length error is an application to distance measurement or diameters, in general probe error must be included in the estimations of form tolerance. The verification of the maximum permissible error of the probe E P,MPE is accomplished by measuring the roundness error of calibrated artefacts. According to ISO 10360-5 [14] , the evaluation should be made with the radii range (maximum minus minimum) after determining the minimum least-squares sphere of the dataset from the measurement of a reference sphere. Note that the tolerance of form can be assessed by the least-squares or minimum zone tolerance criteria, and the last one is preferred by ISO 1101. Nevertheless, in general the least-squares criterion is more robust in the presence of outliers and its algorithm is widespread and easier.
According to ISO 10360-5, probe error should be verified positively before proceeding with ISO 10360-2 length verifications, and it is checked at each initial CMM setup on its own reference sphere of about 30 mm diameter. Therefore, the probe center offset and the form error in the probe is always evaluated before starting measuring operations. For the former batteries of measurements, the same probe of 4 mm nominal diameter has been used. An overall mean indicated error of sphericity of 0.004 mm has been appreciated by the CMM across probe setups.
An independent verification of the probe error will be obtained in Section 4 through a certified glass hemisphere with roundness of tens of nanometers. Even when ISO 10360-5 mentions the error of sphericity by minimum least-squares criteria, the standard is certified in its roundness, not its sphericity, thus the measurement trials will be in planes to get circles and evaluate their roundness.
Error and Uncertainty Model Overall Evaluation Results
In Part I of the model development, the relationship between the Abbé error and the slope B of error model by each axis was formulated. This linear error propagation model is valid for any length dimension, so the L matrix is singular, also evident by inspection (Equation (2)). The pseudoinverse allows getting a particular solution of the linear system. We can estimate the errors B from the error by each axis through the models of Figures 3-5 for a reference length of 150 mm = Lx = Ly = Lz, and measured by the center of the volume of work by each axis. In our machine, the Abbé distances by the middle of the work volume are Dx = 225 mm, Dy = 250 mm and Dz = 50 mm, approximately. With those inputs the matrix results in Equation (2), where bold symbols denote a matrix or vector.
These values of overall angular errors in the XY plane are fully consistent with those found in the verification through the squareness of a calibrated artefact in the same machine [3] :
After considering the average explained variability of the linear model, the non-explained variability in the regression model can be incorporated into the uncertainty budget. This approach is used when the overall estimation E L,MPE is taken as a first estimation of the machine uncertainty [11] in those testing conditions. In the case of our proposed model the non-explained uncertainty is sensibly lower. For a proper estimation of the uncertainty in other valid operative conditions of the CMM operational range, all other factors that introduce variability should vary in the experimentation [15, 16] . Considering the variability of the error a random variable, and due to the real interdependence of
CMM hardware in the error of the coordinates, we can expect covariance in the error between axes, so four out of the seven testing positions in the ISO bulk model are diagonal directions in the cube of the volume of measurement. Because the proposed model only evaluates variances by axis, the issue is whether the variability of error is infra-evaluated or not.
Two supporting facts of the consistency of the model can be pointed out: As already mentioned, the overall maximum permissible error by the ISO model (seven trial directions) and the proposed model are very similar, about ±6.7 µm. The second fact is the result of the regression. Most of the total variability is explained by axis and it is captured by the proposed model. Note that the SSE in the bulk model is 8 × 10 −4 , while the SSE sum from the three different axes is 8 × 10 −5 , so a big portion of the non-explained variability present in the bulk model or the ISO model is explained through the proposed model by axis, reducing of an order of magnitude the sum square error, with little residual covariance.
As already mentioned, the verification of the CMM following ISO 10360 verification tests produces an overall error quantification very similar to the error model presented just by evaluating the three main axes. In this sense the proposed model by axis seems to capture the variability of error of the CMM. Next, an additional trial on the XY plane is accomplished to measure directly the errors and compare the experimental result with the predicted values of the proposed model. The measurement of a gage block of nominal 175 mm is checked, oriented in a direction of 45 • with respect to Z and the projection on the XY plane is 30 • with respect to X. The direct estimation of the standard uncertainty u is given by Equation (3), where the estimation of the variance is based for small samples on the t-distribution with n − 1 degrees of freedom. 
Considering the uncertainty by axis estimated by the proposed model, the standard uncertainty by the law of propagation of uncertainty can be estimated, under the initial hypothesis of independent variables, see Part I of this work, by Equation (4).
Noteworthy, the uncertainty model resulting from the error model of length does not depend on the length itself in a first order approach. This means that the uncertainty does not grow with the length by axis in a first order approach. This has a correspondence with the homocedastic behavior of error in Figures 3-5 , where the error variability is approximately constant. Note that the independence of x1, x2, y1, y2, z1, z2 could be alike when only one axis varies at a time. The independence of x1 and x2, for instance, is also supported by following good practices of bilateral measurement, according to the recommendations of ISO 10360-2. 
The uncertainty obtained by the direct estimation from the sample of measurements (Equation (3)) and that obtained from the proposed model of independent variable and standard uncertainty by axis (Equation (4)) can be compared. The results are the same value, u = 1.4 µm. The proposed model captures most of the error variability (uncertainty), so the covariance can be disregarded in a first order approach. Further experimental evidence should corroborate these results following the methodology. The error model by axis based on length measurement captures the trend of the errors and the remaining non-explained or random variability becomes uncertainty, and it is uniform by each axis in a first order approach for any length.
Experimental Feature Results and Discussion

Rectangular Gauge Blocks
Case 1 is a calibrated gauge block of nominal length 175 mm measured with azimuth angle with respect to the Z axis, and with respect to the X axis. A proper orientation of the block axis is corrected properly by the normal to the faces through the measurement process. It is measured 50 times, from five repetitions in a bilateral technique with 10 points sampled, five on each block face. The results are compared to those expressed by the ordinary model of E L,MPE . In addition, Case 2 is a calibrated gauge block of 300 mm lying on the granite table with its axis oriented with respect to X. It is measured five times on five points on the two faces, so a total of 50 times, either way. The results for both cases are listed in Table 1 .
In Case 1, there is no remarkable difference between models in the best value of measurement after correction. The proposed model and the ISO model pass by the centroid of the dataset and the block of 175 mm is by the centre of the range of verification (50 ÷ 300 mm). Nevertheless, the estimation of uncertainty is smaller by our proposed model with respect the E L,MPE . In Case 2, a block of 300 mm by the extreme of the range of verification is used. The proposed model presents a better result of the measured value, more accurate and precise than if the standard ISO model was applied. Figure 2) L nm = 300.00019 mm E L,MPE = 6.74 µm (by 
Flatness of the CMM Granite
A sample of 30 points is taken from the granite of the CMM by the center of the measurement volume, Table A1 . The calculation of flatness by an accurate algorithm [17] results in a normal direction of the surface by the Z axis of the CMM and it identifies the critical points of the sampled surface, Table 2 . From the calculation of the four configurations a flatness value of 0.002 mm after indication correction with the mean error is obtained. A conservative uncertainty estimation can be the maximum value from the four configurations, 0.00283 mm. In the proposed model the uncertainty from error variability (Equation (5)) is estimated. Additionally, the uncertainty of flatness from the projection of the vectorial point uncertainty in the direction of the surface [14] can also be directly estimated. Note the basic agreement for the sample between the proposed method (Equation (5)) and the alternative (Equation (6)):
From the former calculations a flatness measurement of 0.002 ± 0.00216 mm can be offered. Note that the granite is flat about 0.002 from indication, but applying the proposed model an estimation of uncertainty can be provided. The uncertainty and flatness are in fact at the same level of the mean repeatability of the machine, estimated in Section 2 of about 0.003 mm. Therefore, we can infer that the granite is flat at the level of the CMM repeatability.
Angle Blocks
Angle blocks are realization of an angle defined by two faces. Regardless of the theoretical consideration about the unit of measurement (radian or dimensionless) [18] the angle blocks can be evaluated from the proposed model of direct vectorial calculation incorporating the errors and the uncertainty of the distance between the critical points that define the each face of the angular block. Therefore, the dihedral angle model and the minimum zone criteria are used.
An angle block calibrated with assigned value in the interval 45 • ± 2" is measured with its axis aligned with the Y axis of the CMM, Figure 7 , with CMM coordinate indication in Table A2 . The uncertainty of the block is beyond of the resolution of the CMM. Note that the resolution of the CMM 0.001 mm is equivalent for a block face of 50 mm long to the resolution of 2.10-5 rad or 4". In addition, the flatness of the faces has been verified through the CMM and the indication is not less than 0.004 mm in the datasets, equivalent to 16" on each face. This gives an order of magnitude of the smaller angle that could be confidently resolved by the CMM.
Like in the rectangular gauge blocks, the probe error is not considered in the error budget, because the probe contact point is almost the same when measuring each face. The comparison between the indication by the least-squares method and the minimum zone method shows a closer result to the assign value by the least-squares method before any correction, Table 3 . After correction, the proposed model presents a better result, but more importantly, it provides an uncertainty estimation. The final result is very close to the assigned value of the standard. The uncertainty interval at the order of minute is consequence of the resolution of the machine and the measured flatness of the block gauges.
uncertainty estimation. The final result is very close to the assigned value of the standard. The uncertainty interval at the order of minute is consequence of the resolution of the machine and the measured flatness of the block gauges. It must be considered that the error regression interval has been established over a range from 50 to 300 mm in Section 2, so the CMM error compensation at the lower bound is thus being used. Also remarkable is the good behavior of the MZ model even when the angular blocks are ordinarily calibrated by the least-squares method. Even when the minimum zone tolerance evaluates better the flatness of surfaces as the geometrical substitution of the physical surface, the gauge blocks are calibrated using the least-squares method, so a formerly proper agreement is expected between the indication and the assigned value of the standards through the least-squares method [9] . This is the behavior in Case 4, when calculating from indication directly. Nevertheless, the minimum zone is more effective when the error correction is applied, with the advantage of giving an uncertainty estimation. Because of a sample of size 3, the estimation based on the t-student distribution is not feasible. A conservative estimation of uncertainty can be the maximum reached across the three samples. Another alternative for very small samples is to estimate uncertainty from the Craig model [13] . Its result (Equation (7)) is not very different from the estimation carried out directly through the model: It must be considered that the error regression interval has been established over a range from 50 to 300 mm in Section 2, so the CMM error compensation at the lower bound is thus being used. Also remarkable is the good behavior of the MZ model even when the angular blocks are ordinarily calibrated by the least-squares method. Even when the minimum zone tolerance evaluates better the flatness of surfaces as the geometrical substitution of the physical surface, the gauge blocks are calibrated using the least-squares method, so a formerly proper agreement is expected between the indication and the assigned value of the standards through the least-squares method [9] . This is the behavior in Case 4, when calculating from indication directly. Nevertheless, the minimum zone is more effective when the error correction is applied, with the advantage of giving an uncertainty estimation. Because of a sample of size 3, the estimation based on the t-student distribution is not feasible. A conservative estimation of uncertainty can be the maximum reached across the three samples. Another alternative for very small samples is to estimate uncertainty from the Craig model [13] . Its result (Equation (7)) is not very different from the estimation carried out directly through the model:
Glass Hemisphere
A glass hemisphere by Taylor Hobson with roundness error of tens of nanometer is measured in two planes, Figure 8 . Its roundness error is below the resolution of the CMM, so the difference from a perfectly round indication should be assigned to the CMM's overall error, uncertainty or the use of an approximate roundness algorithm. The two set of data are included in Tables A3 and A4. The accurate calculation of roundness from indication is accomplished by the least-squares method based on the well-known algorithm Levenberg-Marquardt and by the accurate minimum zone method [19] . Tables A3 and A4 . The accurate calculation of roundness from indication is accomplished by the least-squares method based on the well-known algorithm Levenberg-Marquardt and by the accurate minimum zone method [19] . The roundness results show the error by the CMM and the probe (about 0.004 mm). Using the ISO model the roundness results from an indication cannot be adjusted. The bounds EL,MPE = 6.7 μm cannot be applied. The maximum repeatability of the CMM 0.0045 mm or even the average of 0.003 mm can hardly bound a nominal roundness in the order of 0.005 mm.
The use of the proposed model allows correcting the calculated roundness from an indication. The maximum uncertainty calculated by the method can be adopted as a conservative measure of the uncertainty of the error. In the two cases of application, Case 5 in Tables 4 and 5, Case 6 in Tables  6 and 7 , respectively, the uncertainty of the error and the maximum uncertainty estimated through the model are of the same order of magnitude, 1.96 and 1.47 μm. Case 5 represents a full circle with more sampled points, but Case 6 only measures a half of a circle on the hemisphere. Uncertainty of E (n = 4; k = 2) 0.0015 The use of the proposed model allows correcting the calculated roundness from an indication. The maximum uncertainty calculated by the method can be adopted as a conservative measure of the uncertainty of the error. In the two cases of application, Case 5 in Tables 4 and 5, Case 6 in Tables 6  and 7 , respectively, the uncertainty of the error and the maximum uncertainty estimated through the model are of the same order of magnitude, 1.96 and 1.47 µm. Case 5 represents a full circle with more sampled points, but Case 6 only measures a half of a circle on the hemisphere. Uncertainty of E (n = 4; k = 2) 0.0015 Uncertainty of E (n = 4; k = 2) 0.00002 It must be noted that the Monte Carlo mean roundness is calculated directly from indication and gives a result of 0.007 mm, higher than the 0.005 mm of the dataset of Case 5. This was observed before in [19] . It is associated with the tolerance of form as distribution of positive value and the indirect measurement of roundness obtained through a process of minimization. Nevertheless, the Monte Carlo simulation of the roundness does not consider any error correction in the indication. Because the hemisphere is free of roundness error at the resolution of the CMM, the roundness results are mainly associated to the CMM repeatability of about 2.7 µm and a probe tip error of form of about 4 µm. As a consequence, the result from just one sample based on the proposed model (Case 5) that includes error correction is 5 ± 1.5 µm. It can be compared with the result from the Monte Carlo simulation without any correction in the indication of 7 ± 2 µm. Noteworthy, the reference verification values of the CMM, maximum permissible error E L,MPE = 6.7 µm or the maximum repeatability of R 0 = 4.5 µm, can serve little to a useful expression of the roundness measurement. 
Conclusions
The experimental extraction of the error model by axis has been demonstrated feasible and useful. The theoretical basis of the vectorial models of error propagation developed in Part I are endorsed by the CMM experimental behavior.
The work developed suggests the recommendation of conducting CMM verification by following standard ISO techniques, but with more repetitions than the standard three times. Up to 
The work developed suggests the recommendation of conducting CMM verification by following standard ISO techniques, but with more repetitions than the standard three times. Up to five repetitions are used in this work, but no less than four is recommended. This can allow extracting errors by axis with a reasonable number of data for error regression. In addition, it would allow a direct estimation of uncertainty from the variability of the error.
The homocedastic behavior of the non-explained variability of error around the linear trend is a main advantage versus the conventional CMM ISO model of maximum permissible error. The model by-axis has shown the capability of capturing most of the variability of the error or the measurement. As a consequence, the non-explained variability of the measurement or the error becomes a contribution to the overall estimation uncertainty. It is a direct calculation from the machine error model by axis and through a proper vectorial composition in each measurement feature model.
The models of feature measurement based on coordinates under minimum zone tolerance criteria present over-determination in terms of error and uncertainty in some cases. For instance, flatness or roundness under minimum zone criteria are determined by four points. Those models give a unique solution, but allowing multiple estimations of the error and uncertainty based on the same dataset. This is an advantage more than a drawback towards an economy in CMM sampling. In the case of simple length measurement or an angle on a plane, the best value solution, error and uncertainty estimation, all three are unique through the proposed model.
The least-squares fittings are dominant in metrology for its robustness against outliers and widespread algorithms, but they do not determine the critical points of the form tolerance. Therefore, we can hardly profit from the analysis of errors based on the direct propagation of error and uncertainty associated with the coordinate of those critical points. The proposed model of error and the derived feature models could be approximately applied under least-squares fitting algorithms considering the points closer to the feature under definition.
The estimation of uncertainty was discussed in the development of the models in Part I and it has shown to be useful in the experimental trials in comparison with alternative estimations, in particular versus the ordinary Monte Carlo method that requires to fix the distribution of uncertainty of the points and an intense calculation in order to give just the uncertainty of one measurement. The proposed model of error by axis is capable of getting the ordinate at the origin Ai or the error for each i-axis. This can be adopted as an estimation of the point error of vectorial character, useful as an input to the Monte Carlo method.
The proposed model of error compensation makes use of the basic techniques of the standard model of maximum permissible error based on a first order approach of length errors on the zone of interest inside the volume of measurement. It is presented as an affordable alternative to a detailed mapping of coordinate errors. As regards big fields of measurement or just a quasi-linear CMM behavior, a first attempt could be the use of regression models by ranges, in order to cover properly the volume of measurement. Extensive experimental trials and results comparison should reinforce the utility of the proposed model and its potential use in laboratories or industrial environment.
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